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Figure 5: The illustration of detection methods for faithfulness hallucinations: a) Fact-based Metrics, which
assesses faithfulness by measuring the overlap of facts between the generated content and the source content; b)
Classifier-based Metrics, utilizing trained classifiers to distinguish the level of entailment between the generated
content and the source content; ¢) QA-based Metrics, employing question-answering systems to validate the
consistency of information between the source content and the generated content; d) Uncertainty Estimation,
which assesses faithfulness by measuring the model’s confidence in its generated outputs; e) Prompting-based
Metrics, wherein LLMs are induced to serve as evaluators, assessing the faithfulness of generated content through
specific prompting strategies.
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